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Abstract —This An object counting classification scheme using Naive Bayes Classifier is proposed in this paper. In this
Naive Bayes Classifier-based classifier of images gives as the maximum a values for decision rule. The Naive Bayes
Classifier can produce very accurate classification results with a minimum training time when compared to conventional
supervised or unsupervised learning algorithms. Comprehensive experiments for count classification tasks on an image
dataset are performed in order to evaluate the performance of the proposed classifier. The results show that the
proposed Naive Bayes Classifier outperforms conventional classifiers in terms of training speed and classification
accuracy
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I INTRODUCTION

All Object counting is a complicated problem in image processing. It is regularly work out in different types of
industries, research institutes, laboratories, agriculture industries among others. Object counting depends on estimation
of certain elements is important for quantitative analysis that. And element health Object counting problem using
image processing[1]. The aim is to study methodologies of object counting and find the problem for future research
directions Object counting is a very common task performed in different industries. getting out how many objects in an
image is required in image analysis. Object counting is used to getting number of elements from images. These
elements act as a source of information for quantitative analysis, motion tracking and qualitative analysis[2].The
conventional method for object counting is manual, time consuming and in non-automatic form. The complete
counting leads to hectic processes which affects the results. However, the process of counting objects is not always
straight forward or trivial, even performed manually [3]. The Current method must be replaced by Dig vision as the
results of this method are erroneous and time consuming because automatic counting is objective, reliable and
italreproducible, comparison of element number between specimens is considerably more accurate with automatic
programs than with manual counting[4]. In this process a user gets a varies result in each measurement when counting
manually, automatic programs obtain consistently a unique value. Thus, although some cells may be missed, since the
same criterion is applied in all the stacks, there is no bias or error[5]. The Functionality and aims are used to compare
multiple genotypes and samples of unlimited size. Cell counting is very important and useful for medical diagnosis and
biological research[6]. Counting microorganisms and colonies is one of the most basic activities in health tests, food
quality control, agriculture analysis etc[7] Blood count is one of the most commonly performed blood test in medicine.
It is required to detect as well as to follow disease treatment[8]. Object counting is also needed in some other research
fields where objects cannot be segregated by naked eye and the factors ‘time’ and ‘accuracy’ matter[9]. It becomes
challenging when different objects are not easily distinguishable, vary in size and surrounded by noisy
background[10]. It is important to notice the variety of objects being counted as the accuracy of development
algorithm.

1. LITERATURE SURVEY

Through the base model parameters, the model order or the object count per segment of the other clusters are
appropriately identified such that they serve as likelihood functions for each model order. Tunable parameters are
identified for this model labeling process, under the assumption of a decaying growth of the mean and an enhancing
growth of the standard deviation for higher model orders[2]. An important aspect of the proposed method is the ability to
estimate the number of objects within a cluster regardless of the shape, colour and orientation of objects[1]. This system
can further be improved for identifying very dense fruits in the tree and images under bad lighting conditions. Images
used in the proposed system are two dimensional images. In future, this can be replaced by three dimensional images. 3D
images can give clear and overall representation of tree which avoids the problem of using different sectional images of
same tree[2]. Technique for sorting and grading of fruits. This technique begins with capturing the fruits image using
regular digital camera. The features are efficiently extracted from the query image. The color of the fruit determines its
class and fruits grade is determined by its size. The Many logic methods is used for analysis of fruits, as it also involves
decision making by humans. The proposed technique accurately classifies and grades the fruits. The results are good for
the five chosen fruits of same color and sizes. This kind of system can be employed in Agriculture Produce Marketing
Corporation, etc. Automatically detection and classification of plant diseases. In this research, plant diseased is detected
and is also classified. The histogram processing is for the color feature and the edge detection method. The color features
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extraction are applied on samples that are contained the diseased leaf of the plant. The training process includes the
training of these samples by using layers separation technique which separates the layers of RGB image into red, green,
and blue layers and edge detection technique which detecting edges of the layered images. The future work mainly
concerns with the large database and advance feature of color extraction that contains a better result of detection. Another
work concerns with research work in a particular field with advance features and technology[4]. We conclude that the our
video surveillance system and provide the algorithms and implementation results of our current work on multi person
count. Our system works in real-time. It can track objects in the camera’s and detect it. The system gives that can be
handled successfully and if the same person re-enter the field of view after a reasonably short period of time, our system
can recognize he re-entry and assigns the same label to the person. Our future work will give the 3Dimensional trajectory
of each unstable object using multi-camera data fusion, analyzing the multiple-person interaction, and detecting
suspicious behaviors. The entire system can be faster and time consuming and the effectiveness of the project is perfectly
robust[12].

I1l. RESEARCH METHODOLOGY

e  Existing method must be replaced by computer programming as the results

e this method are erroneous and time consuming because automatic counting is objective, reliable and
reproducible, comparison of element number between specimens is considerably more accurate with automatic
programs than with manual counting

e The user gets a different result in each measurement when counting existing, programs obtain consistently a

unique value.
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Figure 1. Flowchart of System

This proposed to method real time and classification base section presents the methodology and development of
algorithm for the implementation of the proposed intelligent fruit COUNTING system. One of the most important factors
affecting soil testing capacity is the resistivity of the soil. It is well known that resistivity of the soil will vary with
moisture content. And PH test for crop soil drying thus affecting the soil PH resistivity. The property of the soil which
maintain its thermal resistivity when a heat source as thermal stability. Soil will increase in resistivity due to drying
caused by the drying effect in capacity soil tests and the information these tests may provide moisture in soil and the
resulting changes in soil resistivity. In this stage the input image is taken for processing image. Image is taken by camera.
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a file format such as PNG,JPEG etc. Image pre-processing is a manipulation of an image so that result would be more
suitable than the original image and hence it is a significant stage of an object recognition. First in the pre processing
stage is to translate a picture into binary images. Binary image is having either 0 or 1 as a pixels intensity. The backdrop
carries white pixels that are having 0 intensity and the forefront carries the black pixels that are having 1 intensity.[3].The
second step is to remove imperfections in the image and provide information on the form and structure of the image.
morphological operations such as erosion and dilation used.[4]. Image segmentation is the division of an image into
regions which correspond to different objects .it is typically used to locate objects and boundaries in image. Segmented
areas in an image are labeled for detection of objects.

IV. PROPOSED ALGORITHM

Naive Bayes classifiers provide some clear benefits to the field of user modeling. First, it us a very intuitive technique.
Bayes classifiers, is not like other like neural networks, not having manyl free parameters that must be set. This greatly
simplifies the design process. Also, since the classifier returns probabilities, it is simpler to apply these results to a wide
variety of tasks than if an arbitrary scale was used. Furthermore, naive Bayes classifiers do not require large amounts of
data before learning can begin. Finally, naive Bayes classifiers are computationally fast when making decisions. A
classifier is used to a certain class of problems, namely those that can be phrased as associating an object with a discrete
category. It will be effective for each instance x can be described by a conjunction of attribute values and where the target
function f(x) can take on any value from a finite set V. For example, X could be a description of the day’s weather (e.g.
sunny, cloudy, or windy), V would be a set of activities (e.g. play golf, play tennis, go to the beach). If the task is to
predict the day’s activity based on the weather, f(x) would be a mapping from x to V. The list of sets of attribute values
and its corresponding category are given to the machine learner, and these constitute the training set. When a new
example is presented, a value for the target function can be predicted based on the training instances. The learner chooses
the value for the target function that has the highest probability, based on the training set. The formula for the naive
Bayes classifier is, given attribute values.

Uwg = ELIE:IILF_L"(P('t’j:' H Fliu:i: |Uﬂ:|

L

Previous work in user modeling has shown that using a naive Bayes classifier for user modeling is a promising approach.
A Bayesian classifier is focus on the role of a class is to predict the values of features for members of that class. There
are grouped in classes having similar values for the features. Such classes are often called natural kinds. The main
feature corresponds to a discrete class, which is not necessarily binary. Bayesian classifier works good when the values r
given separately, that is, when the class is a good predictor of the other features and the other features are separately
given the class. This have the classes for natural system, where the classes have evolved because they are useful in
distinguishing the objects that humans want to distinguish. Natural kinds are based on the nouns, such as the class of cats
or the class of tables.

Image | Feature | Features | Hypothesis | Candidate| Hypothesis | Object
detector formation | objects |verification | clnes

Modelbase

Figure 2. Different components of an object recognition system

An object detection system works on the following components to perform the task:

* Model database

* Feature detector

* Hypothesizer

* Hypothesis verifier

A diagram data is interactions among different components of the system is given The model database contains all the
models known to the system. The information has database depends on the which used for the comparison. It gives a
qualitative description of surface information. In types, the models of objects has varies features , as shown later in part.
A feature which are important for the attribute of the object which is considered very important for suggesting and
comparing the object in relation to other objects. Different parameter are some main used features.
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The system developed for , communication layers have the energy conservation for the server. The data processing from
sensor nodes and the server system as an example to introduce the flow of communication between the ZigBee
transceiver modules. ZigBee transceiver module need effective , When the server receives weather data from sensor , the
server will check the weather data With notification value by using decision techniques. If it matches with the previous
conditions, to notify the system administrator and record of the warning and automatically store data to the database. The
communication between sensor and server, and exchange between server and Networks coordination are same . Software
design mainly programmed with C# language combining for the collected data display, analysis and storage etc. When
the server receives data from sensors, the server will check the weather data with notification value by using decision
techniques. If it matches with the previous conditions, it will notify the administrator and record of the notification and
automatically store data to the database.

V. Design of Experimental

ZigBee provides a low data rate short range wireless networking. it has wireless system works on 2.4 GHz frequency
bands. The maximum data rate with 250 K bits . it for battery-powered applications which hag low data rate, low cost,
and long battery life are main requirements. The main contextual data elements of sensor based. feedback advisory
system include many different types of sensors, such as temperature, humidity, placed on the field with data loggers to
communicate the observations to the server. The sensor information the farmer uploads information about climatic
conditions, soil conditions, rain and fertilization data, and the pesticide and insecticide data. By presenting all this
information in the context of the farmer query, the expert can diagnose the problem and promptly provide advice to the
farmer in his native language and maybe even using suggestions. The modeling of agricultural events, modeling of the
agricultural experiences, and a method to browse through the data of agriculture experiences soil type, crop, crop variety,
season, In the challenges involved in the Developments of decision support system to be used by user as end user are
presented, however aims to bridge the gap between user, agricultural experts, financial institutions, soil testing labs,
agriculture market and other agriculture related institutions. We propose a novel experiential computing approach which
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aims to give more to an expert by capturing, detecting, storing and analyzing the history of various events in agriculture.
Each weather station possesses atmospheric, soil and plant parameters monitoring sensors; data logger and modem for
data storage and transmission; battery to energize all blocks of the weather station and a battery charging unit. The
sensors that are available with weather station includes temperature, relative humidity. The data logger on weather station
collects the data from sensors and transmits. Each farmer, seeking the service, is required to perform registration by
providing the details of the field location, crop, analysis reports, and history of irrigation, fertilizer and pesticide
application.

ZigBee, also known by the IEEE standard that underpins it, 802.15.4, is a short range, low power wireless networking
and mesh technology. ZigBee is becoming increasingly popular in industries as diverse as home and building automation,
office security systems, heating, ventilation and air conditioning control, manufacturing process controls, automated
utility meter reading and advanced metering infrastructure, and healthcare. In this project, we provide a brief technical
overview of ZigBee and how it differs from other popular wireless technologies, and then fully explore ZigBee’s newest
and increasingly popular application — intelligent lighting control. While lighting is a significant element of the typical
office electric utility bill, it is only recently that ZigBee-based solutions have come to market to try to reduce this
expense. We will examine ZigBee’s Temperature sensor continuously senses the temperature and corresponding output
voltage send to the micro controller. If temperature exceed from its permissible value which is described in the micro
controller programming, Micro controller sends the signal through Zig Bee Communication device to the base station
(PC). Warning is displayed on the screen of Software program . Similarly humidity sensor and gas sensor also send the
value in the form of voltage signal to the micro controller. Then micro controller will verify these values up to date, if any
of the value exceeds than rated it will alert to person through the buzzer. Then the department at the base station will take
safety precautions to safe the persons who are working in the coal mining.6This information is passed to the base station
through the zig -bee module.
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The MAX232 IC logic levels to RS232 logic levels during serial communication of microcontrollers with PC. The serial
communication in PC works on RS232 standards (-15 V to + 15V). The intermediate link is provided through MAX232.
The two logic levels are described below:

RS232 TTL LOGIC
-15V...... -3V +2V....... +5V 1
+3V....... -3V ov. 0.8V 0

Table 1.Logic Conversions

The serial data with the processing time and converting serial data has to be done by additional circuitry. The sensor
components are usually combined into one device called a combination electrode. calculating electrode with a glass .
Current system has replaced the glass by solid-state sensors. There amplifier is a signal-conditioning device. It takes
high-impedance electrode signal and changes it into alow impedance signal which the analyser or transmitter can accept.
By using preamplifier give good and stabilizes the signal, making it less susceptible to electrical noise.
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We propose a novel experiential computing approach which aims to provide more insights to an expert by capturing,
detecting, storing and analyzing the history of various events in agriculture. Each weather station possesses atmospheric,
soil and plant parameters monitoring sensors; data logger and modem for data storage and transmission; battery to energize
all blocks of the weather station

VI. CONCLUSIONS AND FUTURE WORK

This paper presents a Object counting using image processing has huge applications where automation is to be introduced
and time of counting is to be reduced. Some of the main applications of object counting in industrial systems are
packaging, quality control, and so on. It is helpful in the research areas where objects are of very small size. Object
counting algorithm can be also used to track and identify objects. The present methods can be extended to have counting

system based on users elected attributes.
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